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Executive Summary 

Artificial intelligence has triggered the largest concentrated capital-spending cycle in modern corporate history. In 2026 alone, 

the largest technology companies are on pace to spend a combined $650–690 billion on AI infrastructure — roughly a 60–

74% increase from 2025 — and cumulative hyperscaler capital expenditure is projected to exceed $3 trillion between 2026 

and 2030. This paper examines what that spending means for how capital is being allocated, financed, and ultimately valued 

across the technology ecosystem and the broader market. 

Three shifts define the current period. First, the source of funding is changing: companies that historically self-funded growth 

from free cash flow are now issuing record volumes of corporate bonds and increasingly turning to private credit, off-balance-

sheet special purpose vehicles, and asset-backed securitization to bridge a widening gap between spending and internally 

generated cash. Second, a web of circular investment arrangements - chipmakers investing in their own customers, cloud 

providers cross-holding equity in AI labs - has re-emerged in a form reminiscent of, though not identical to, the vendor-

financing structures that inflated and then helped collapse the late-1990s telecom buildout. Third, an increasingly public 

debate over GPU depreciation schedules has emerged as a genuine swing factor in reported technology-sector earnings, with 

estimates of potential earnings overstatement running into the hundreds of billions of dollars over 2026–2028. 

None of this means the AI infrastructure cycle is a bubble in the sense the dotcom telecom buildout was. The companies 

funding the buildout are, for the most part, more profitable, less leveraged, and facing more clearly demonstrated demand 

than their 1990s counterparts. But the financing structures, accounting judgments, and capital-allocation choices being made 

today will materially shape investor returns across equities, credit, and private markets for the remainder of the decade — 

and the risks are concentrated enough that a small number of companies and financing vehicles could have outsized effects 

on the broader market if the buildout's economics disappoint. 

IN THIS REPORT 

We size the buildout, map the new financing stack (bonds, private credit, SPVs, asset-backed securities), unpack circular 
financing arrangements and depreciation accounting, assess capital-allocation implications sector by sector, compare this 
cycle with prior infrastructure supercycles, and lay out a risk map and portfolio framework for investors navigating the theme. 
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1. Introduction: The Capital Allocation Regime Shift 

For much of the past decade, the dominant capital-allocation story among the largest U.S. technology companies was what 

to do with too much cash. Asset-light, high-margin business models generated free cash flow faster than management teams 

could deploy it into organic growth, and the natural release valve was share buybacks and dividends. That era is ending. 

Beginning in 2023 and accelerating sharply through 2025 and 2026, the same companies have pivoted toward the most 

capital-intensive investment program in the sector's history: building the physical infrastructure — data centers, GPU clusters, 

networking, cooling, and power generation - required to train and run artificial intelligence models at scale. 

This is a genuine regime change, not an incremental increase in R&D spending. Hyperscaler capital expenditure as a share of 

operating income has moved from a historically modest ratio to levels more commonly associated with capital-intensive 

infrastructure and utility businesses than with software companies. Rising AI capital expenditure is already eroding the free 

cash flow position of companies that were, until recently, among the most cash-generative in corporate history. Industry 

analysis of aggregate cash flow trends across the largest AI spenders shows operating cash flow growing at a healthy annual 

pace even as capital expenditure grows several multiples faster — a divergence that several forecasts suggest will push 

aggregate free cash flow toward zero, or negative, at points in 2026 and 2027 for individual companies. 

Why This Matters Beyond Technology 

The capital-allocation shift extends well beyond the technology sector's own income statements. Technology-related capital 

spending is now estimated to have contributed roughly 40–45% of total U.S. GDP growth over the past several quarters, up 

from under 5% as recently as 2023 — making AI capex not merely a sector story but a genuine macroeconomic force. That 

concentration cuts both ways: it means the AI buildout is currently propping up measured economic growth, and it means 

any deceleration in that spending would show up quickly in aggregate growth figures, not just technology-sector earnings. 

This report is organized around a simple question: as the AI infrastructure cycle shifts from a story about product innovation 

to a story about capital formation, financing, and accounting, what should investors watch — and how should that inform 

positioning across equities, credit, and private markets? 

From Buybacks to Buildout 

The clearest illustration of the regime shift is what companies are no longer doing with their cash. For years, the dominant 

use of excess free cash flow among the largest technology companies was returning capital to shareholders through buybacks 

and dividends — a rational choice for asset-light businesses with limited reinvestment opportunities at scale. That calculus 

has changed. Management teams that once faced activist and analyst pressure to return more capital now face the opposite 

pressure: to demonstrate that AI capital expenditure is being deployed fast enough to secure competitive position, even at 

the cost of near-term free cash flow and, in some cases, credit-rating headroom. This is a meaningfully different capital-

allocation posture than the one that defined the sector for most of the 2010s and early 2020s, and it is one investors should 

not assume is temporary — every major hyperscaler has signaled multi-year, not single-year, spending commitments. 
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2. Sizing the Buildout 

The scale of AI-related capital spending is difficult to overstate, and estimates vary depending on which companies and 

spending categories are included. By the most commonly cited measure - combined capital expenditure across Amazon, 

Alphabet, Meta, and Microsoft - 2026 spending is projected in the range of $650–690 billion, an increase of roughly 60–74% 

from 2025. Extending the frame to the broader hyperscaler and neocloud ecosystem, cumulative spending on AI 

infrastructure is projected to exceed $3 trillion between 2026 and 2030, with one widely cited estimate from J.P. Morgan 

placing total AI infrastructure financing needs at approximately $5.3 trillion through 2030. 

2026 Big 4 AI Capex 

$650–690B 

Cumulative Capex 2026–30 

$3T+ 

Total Financing Need to 2030 

~$5.3T 

Semiconductor Revenue 2026 

~$1.29T 

Sources: Futurum Group; iCapital; J.P. Morgan Research; IDC Semiconductor Forecast, April 2026. 

At the industry level, this spending is flowing into a semiconductor market that IDC now projects will surpass $1 trillion in 

annual revenue for the first time in 2026, reaching an estimated $1.29 trillion — a 52.8% increase from 2025. Within that 

total, memory has become a particular focal point: DRAM revenue is projected to nearly triple in 2026 on high-bandwidth-

memory demand tied directly to AI accelerators, while data-center semiconductors alone are projected to approach $477 

billion, on their way to an estimated $843 billion by 2030 — nearly half of total semiconductor industry revenue. 

Semiconductor Segment 2026 Revenue (est.) Growth Driver 

Data-center semiconductors ~$477B (2026); ~$843B by 2030 
GPUs, custom ASICs, networking silicon for AI 
training/inference 

DRAM / memory Nearly triple vs. 2025 
High-bandwidth memory (HBM) demand from 
AI accelerators 

Non-memory semiconductors (ex-data center) ~$693.5B 
Broader industrial, auto, and consumer chip 
demand 

Total semiconductor industry ~$1.29T (+52.8% YoY) 
AI infrastructure now the industry's structural 
center of gravity 

Source: IDC Semiconductor & Semiconductor Applications Forecast, April 2026. 

A Widening Spending-to-Cash-Flow Gap 

The critical dynamic for capital-allocation purposes is not the absolute size of spending but its relationship to internally 

generated cash. Analysis of aggregate operating cash flow and capital expenditure trends across the five largest AI 

infrastructure spenders shows operating cash flow growing at roughly 23% annually - a strong rate in absolute terms - against 

capital expenditure growing at approximately 70% annually. Those two lines are projected to cross, meaning capital spending 

exceeds operating cash flow, at different points for different companies: one major cloud infrastructure provider had already 

crossed that threshold by mid-2026, with capital spending exceeding operating cash flow by more than $20 billion, while 

others are projected to cross between late 2026 and 2028. 

This is the mechanical reason the sector's financing behavior is changing so quickly. When capital spending needs exceed 

what a business generates internally, the shortfall must be funded from somewhere - existing cash balances, new equity, or 

debt. The remainder of this report focuses primarily on the third channel, because it is where the fastest and most structurally 

significant change is occurring. 
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3. From Cash Flow to Debt: The New Financing Stack 

Historically, the largest U.S. technology companies financed growth almost entirely from internally generated cash flow, 

supplemented occasionally by modest debt issuance for acquisitions or tax-efficient purposes. That pattern has reversed 

sharply. Debt financing — through corporate bonds, leasing arrangements, project finance, and increasingly private credit — 

allows companies to spread the cost of long-lived data center assets over time and match financing maturities to the useful 

economic life of the underlying infrastructure. Analysis from the Bank for International Settlements frames this explicitly as 

a shift "from cash flows to debt" in AI infrastructure financing, one that is reshaping corporate balance sheets and raising 

questions about credit standards and financial stability that extend well beyond the technology sector itself. 

Public and Private Debt Markets 

The public bond market has absorbed a substantial share of new AI-related financing. Hyperscalers issued approximately 

$121 billion in bonds in 2025 alone — more than four times the prior five-year average — with AI-related investment needs 

accounting for roughly 30% of net issuance in the U.S. investment-grade corporate bond market that year. Total data-center-

related debt issuance nearly doubled to approximately $182 billion. Morgan Stanley projects AI-related bond issuance could 

approach $570 billion in 2026 alone, roughly four times the 2025 pace, and separately projects private credit could provide 

an additional $800 billion in data-center financing over the following two years. 

Beneath the investment-grade bond market, a fast-growing private credit ecosystem — led by firms including Blackstone, 

Blue Owl Capital, Apollo, PIMCO, and BlackRock — has stepped in to fund data-center construction directly, both through off-

balance-sheet vehicles and direct lending to newer “neocloud” operators. Outstanding private credit loans to AI-related 

companies have grown from near zero to more than $200 billion in just a few years. Separately, so-called 144A private 

placement bonds — debt securities sold only to qualified institutional buyers without SEC registration — have become a 

rapidly expanding financing channel for data-center construction specifically, with developers and operators adding more 

than $40 billion in 144A placements in a period of only a few months during 2026. 

Off-Balance-Sheet Structures 

Perhaps the most structurally significant development is the growing use of special purpose vehicles (SPVs) to keep data-

center debt off hyperscaler balance sheets entirely. In a representative transaction, one major social media and technology 

company partnered with a private credit firm to create a joint venture that would own and finance a large data-center 

campus: the technology company contributed a minority equity stake, the private credit firm and a syndicate of institutional 

lenders provided the bulk of both debt and equity capital, and the technology company agreed to a long-term lease and 

capacity commitment to the facility. Economically, this substitutes a large upfront capital expenditure with a stream of multi-

year operating lease payments, while keeping the substantial majority of the underlying debt off the technology company's 

own balance sheet — the debt is serviced by lease cash flows and held by private credit funds and other institutional investors, 

not the corporate parent. 

Financing Channel Approx. Scale (2025–26) Key Characteristics 

Investment-grade corporate bonds $121B issued 2025; ~$570B proj. 2026 
On-balance-sheet; lowest cost of capital for 
blue-chip issuers 

Private credit (direct lending) $200B+ outstanding; $800B proj. next 2 yrs 
Tailored terms; growing issuer/lender 
concentration 

144A private placement bonds $40B+ in a few months, 2026 Institutional-only; fast, flexible, less transparent 

Off-balance-sheet SPVs / JVs Individual deals up to ~$30B Debt kept off corporate parent's balance sheet 
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Financing Channel Approx. Scale (2025–26) Key Characteristics 

Asset-backed securitization (ABS) ~$25B market; ~$300B take-out need 
Backed by leases/contracted cash flows on 
stabilized assets 

Sources: Bank for International Settlements (2026); Quinn Emanuel client alert; Ropes & Gray; Bisnow; Morgan Stanley Research. 

Regulators and legislators have started paying attention to this shift. In January 2026, a group of U.S. senators publicly called 

on federal agencies to investigate the extent to which large technology companies are relying on complex and opaque debt 

markets to finance AI infrastructure, warning that the resulting debt loads could create destabilizing losses for the financial 

institutions that hold the exposure. Separately, insurance brokers have described the sector as a “stress test,” noting that 

data-center financing has moved from being nearly impossible to insure at scale in 2023 to a routine, if still opaque, weekly 

conversation involving trillions of dollars in aggregate exposure. 

KEY DATA POINT 

The largest private credit data-center financing on record - a roughly $30 billion special purpose vehicle backing a single 
hyperscale campus - was structured so that only the sponsoring technology company's equity stake and lease obligations 
appear on its balance sheet, while approximately $27 billion of underlying debt sits with private credit lenders instead. 

Three Financing Structures Worth Understanding 

Three transactions from late 2025 and 2026 illustrate the range of structures now in use across the new financing stack, and 

are useful reference points for investors trying to map exposure across the ecosystem. 

▪  The SPV lease-back model: A leading social-media and technology company's proposed data-center campus was financed 
through a $30 billion special purpose vehicle co-owned roughly 20/80 by the technology company and a private credit 
sponsor. The vehicle raised approximately $27 billion in loans from a syndicate of asset managers and insurers, plus 
roughly $3 billion in equity from the sponsor. The technology company leases the completed facility back, receiving an 
investment-grade rating on the debt in part because the contract structure transfers construction risk to the technology 
company and effectively passes through much of its own credit quality - while keeping the debt itself off its consolidated 
balance sheet. 

▪  The traditional public bond model: A major enterprise software and cloud infrastructure provider, serving as the primary 
infrastructure partner for a large, multi-party AI initiative, sold $18 billion in publicly registered bonds in a single day to 
fund its data-center commitments — illustrating that even amid the shift toward private and off-balance-sheet 
financing, traditional public bond markets remain able to absorb very large single issuances from investment-grade 
technology issuers when the use of proceeds is clearly tied to contracted revenue. 

▪  The leveraged neocloud model: A newer, publicly traded AI cloud infrastructure company - without the diversified 
balance sheet or investment-grade rating of a hyperscaler - has instead relied on high-yield bond issuance, raising 
billions across multiple transactions at coupon rates near 9%, alongside GPU-collateralized loans. This is the financing 
profile most exposed to a downturn in AI demand: less balance-sheet cushion, higher borrowing costs, and collateral 
(GPU hardware) whose value is itself tied to the same technology cycle the company depends on for revenue. 
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4. Circular Deals and Vendor Financing 

A second defining feature of the current cycle is the reappearance of circular financing arrangements: companies along the 

AI supply chain investing directly in one another while simultaneously maintaining customer-supplier relationships. In one 

widely discussed example, a leading GPU designer committed roughly $100 billion in staged investment to a major AI 

developer, with funding structured in tranches tied to infrastructure deployment milestones and paid out via lease 

arrangements rather than upfront purchases - capital the AI developer can then use, in part, to purchase chips from the same 

investor. Within roughly a week of that arrangement being announced, the AI developer separately agreed to purchase chips 

from a competing chip designer in exchange for a large equity stake in that developer, extending the same circular pattern to 

a second supplier. 

Similar patterns extend elsewhere in the ecosystem: a large cloud infrastructure company holds an equity stake in a graphics-

processing customer while simultaneously supplying that customer with chips and cloud capacity, and a major software and 

cloud company holds a substantial minority equity stake in an AI developer while separately providing the majority of revenue 

for a specialized AI cloud provider that also depends on chip purchases from the same GPU designer. Total direct chipmaker 

investment commitments into customers and partners now run well over $100 billion, alongside tens of billions more in GPU-

backed debt facilities. 

Why the Comparison to the Telecom Bubble Keeps Coming Up 

Analysts who covered the telecommunications sector during the late-1990s fiber-optic buildout have been among the most 

vocal in drawing parallels to today's AI infrastructure cycle. During that period, equipment makers extended vendor financing 

— loans and other support enabling telecom carriers to sustain heavy capital spending - that allowed reported revenue and 

demand forecasts to run ahead of the networks' actual utilization. When real-world usage failed to match those inflated 

projections, heavily leveraged carriers were forced to slash spending, and a wave of bankruptcies followed, even though the 

underlying fiber-optic infrastructure later proved genuinely valuable once internet and cloud-computing demand caught up 

years afterward. 

The structural parallel to today is real: vendor financing, customer concentration among a small number of counterparties, 

and equity cross-holdings that can make revenue and demand signals harder to interpret independently. Researchers who 

have compared the two cycles in detail note important differences as well. The core hyperscalers driving 80–90% of total AI 

capital spending - principally Amazon, Microsoft, and Alphabet - maintain far stronger free-cash-flow positions and more 

diversified, profitable legacy businesses than the telecom carriers of the 1990s, which insulates the core of the ecosystem 

from telecom-era vulnerabilities even as warning signs have emerged at the periphery, particularly among newer “neocloud” 

infrastructure providers that combine high leverage, concentrated customer bases, and vendor-financing arrangements more 

reminiscent of the telecom era. 

WHAT'S DIFFERENT THIS CYCLE 

Unlike 1990s telecom carriers, the companies at the center of today's AI buildout are, for the most part, highly profitable with 
diversified existing businesses - the risk is more concentrated at the periphery, among newer infrastructure providers with 
thinner balance sheets and concentrated customer bases. 
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5. The Depreciation Debate: Are Reported Earnings Real? 

A once-obscure accounting question — how quickly should a data center depreciate the GPUs it buys? - has become one of 

the most consequential valuation debates in the technology sector. Between roughly 2020 and 2024, the largest cloud 

infrastructure providers steadily extended the assumed useful life of their servers and networking equipment, in several cases 

moving from three- or four-year schedules to six years. Because depreciation expense is calculated as an asset's cost divided 

by its useful life, extending that assumed life directly reduces annual depreciation expense and increases reported operating 

income — without any change in the underlying cash spent. 

The debate intensified sharply in late 2025 and into 2026 after investor Michael Burry argued publicly that hyperscalers were 

systematically understating depreciation by assuming GPU useful lives of four to six years, even as the leading chip designer 

has moved to an annual product release cadence - Hopper, Blackwell, and Rubin in successive years - that he and other critics 

argue implies a real economic replacement cycle closer to two to three years. Burry's own estimate is that the resulting 

understatement of depreciation, and corresponding overstatement of reported profit, could exceed $176 billion across the 

industry between 2026 and 2028. 

Hyperscalers Are Not Aligned 

Notably, the largest cloud providers have not converged on a single answer. In 2025, one major cloud provider shortened the 

useful life of a subset of its servers from six years back to five, explicitly citing the accelerating pace of AI hardware 

development, and took an accelerated depreciation charge of roughly $920 million as a result. In the same period, a separate 

social-media and technology company moved in the opposite direction, extending its own server useful-life assumption to 

five and a half years, reducing reported depreciation expense by approximately $2.9 billion. Two companies buying 

substantially the same underlying GPU hardware reached opposite accounting conclusions — a divergence that a Harvard 

Business School case study on the topic, published in mid-2026, uses as a teaching example of how much discretion useful-

life assumptions leave to management judgment under existing accounting standards. 

It is worth noting that extending a useful-life assumption is not, on its own, evidence of wrongdoing. Under U.S. GAAP, 

changes in useful-life assumptions are treated as changes in accounting estimates, supportable when new information 

suggests assets will remain economically productive longer than previously assumed, and are routinely reviewed by auditors. 

The more precise question industry analysts are now focused on is the distinction between an asset's technological life (how 

quickly it becomes the frontier-obsolete choice for training the largest models), its economic life (how long it continues to 

generate attractive risk-adjusted returns on other workloads, such as inference), and its accounting life (the useful-life 

assumption management has chosen for financial reporting purposes) — three distinct concepts that are easy to conflate in 

public debate but that carry very different implications for whether reported earnings are overstated. 

WHY THIS MATTERS FOR VALUATION 

A single company's capital expenditure of roughly $660 billion, depreciated over three years, produces about $220 billion in 
annual depreciation expense; the same spending depreciated over six years produces roughly $110 billion — a $110 billion 
swing that flows directly into reported operating income without reflecting any change in cash spent or underlying demand. 

The practical investment implication is that headline earnings and P/E ratios for AI-exposed technology companies should be 

read alongside free cash flow trends, not as a substitute for them. Independent analysis of aggregate cash flow and capital 

expenditure growth across the largest AI infrastructure spenders shows a widening and, in places, already-crossed gap 

between operating cash flow and capital spending - a gap that reported net income, under current depreciation assumptions, 

does not fully capture. 
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6. Sector-by-Sector Capital Allocation Implications 

The AI capital-allocation shift is not uniform across the technology ecosystem. Different sub-sectors are experiencing distinct 

pressures, opportunities, and financing dynamics depending on their position in the value chain. 

Hyperscalers and Cloud Platforms 

Amazon, Alphabet, Meta, and Microsoft sit at the center of the buildout as both the largest spenders and the primary 

beneficiaries of AI-driven cloud and advertising revenue growth. Their capital-allocation choice is increasingly not whether to 

spend, but how to finance that spending without compromising credit quality or diluting shareholders — a balancing act 

reflected in the growing use of off-balance-sheet structures described in Section 3. Each of the four has articulated a broadly 

similar strategic logic: underinvesting in AI compute capacity risks ceding market share in cloud infrastructure and AI services 

for a generation, while overinvesting risks a credit-rating or free-cash-flow response from public markets. 

Semiconductors and Capital Equipment 

Chip designers, foundries, and equipment makers are the most direct beneficiaries of hyperscaler capital spending, converting 

capex commitments into revenue on a far shorter lag than the hyperscalers themselves can convert that spending into 

monetized AI products. This group has also become the most active participant in circular financing arrangements described 

in Section 4, both as an investor in customers and, in the case of memory and equipment suppliers, as a direct beneficiary of 

demand pull-through. The capital-allocation question for this group centers on capacity investment: foundries and memory 

makers must commit years in advance to capacity that assumes continued hyperscaler spending growth, creating meaningful 

cyclicality risk if that spending decelerates. 

Power, Utilities, and Physical Infrastructure 

Data-center power demand in the United States could reach 35–45 gigawatts by 2030 - roughly double 2024 levels - according 

to participants in recent industry surveys, and the resulting capital-allocation pressure has extended well beyond technology 

companies into utilities, power-equipment makers, and even developers considering temporary generation capacity to bridge 

delays in utility power delivery. This has made power availability, not chip supply, the binding constraint on new data-center 

development in a growing number of regions, and has drawn traditionally conservative infrastructure and utility investors 

into what is functionally an AI-adjacent capital-allocation decision. 

Data Center Developers, REITs, and “Neoclouds” 

A distinct and higher-risk category has emerged among specialized data-center developers and “neocloud” GPU-as-a-service 

providers that lack the diversified balance sheets of the hyperscalers. These entities are disproportionately reliant on the 

private credit and securitization channels described in Section 3, and several combine characteristics - high leverage, 

concentrated customer bases, and vendor-financing relationships with chip suppliers - that most closely echo the telecom-

era companies discussed in Section 4. Data-center assets have grown from near zero to representing an estimated 10–22% 

of some real estate investment trust portfolios in the space of roughly two years, illustrating how quickly capital-allocation 

exposure to this theme has spread into adjacent asset classes. 

Enterprises Outside the Technology Sector 

Beyond the direct AI supply chain, a broader set of enterprises face a related but distinct capital-allocation question: how 

much to invest in adopting AI tools internally, and how to weigh that spending against traditional capital priorities. Industry 

research has noted a growing divergence in which AI-related capital investment has surged over the past several years while 
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broader non-AI corporate investment has remained comparatively stagnant — a pattern that, if it persists, has implications 

for productivity growth and capital-allocation discipline well beyond the technology sector itself. 

Layer Capital-Allocation Role Balance-Sheet Profile Primary Risk 

Hyperscalers / cloud platforms 
Funders — largest spenders, 
primary demand source 

Strong; diversified profit base 
Valuation, depreciation-
assumption scrutiny 

Semiconductors / equipment 
Suppliers — convert capex to 
near-term revenue 

Mixed; strongest among leaders, 
thinner among smaller players 

Order-book cyclicality if capex 
decelerates 

Power / utilities 
Enablers — physical capacity 
constraint 

Generally strong; regulated 
revenue 

Permitting delays, stranded-asset 
risk 

Data-center developers / 
neoclouds 

Builders — capital-intensive, 
financing-dependent 

Weakest; high leverage, 
concentrated tenants 

Financing-cost and refinancing risk 

Non-tech enterprises 
Adopters — productivity-driven 
investment 

Varies by industry 
Opportunity cost vs. traditional 
capex 

Author analysis based on sources cited throughout this section. 
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7. Historical Parallels: Railroads, Telecom, and This Cycle 

Infrastructure-driven investment supercycles are not new, and two historical episodes are most frequently invoked as 

comparisons for the current AI buildout: the railroad expansion of the 19th century and the fiber-optic telecom buildout of 

the late 1990s. Both followed a similar pattern — excitement around a transformative new technology drove massive capital 

investment, capacity was built well ahead of demonstrated demand, and early investors in the companies doing the building 

often fared poorly even though the underlying infrastructure ultimately proved transformative for the broader economy. 

On a pure spending-to-GDP basis, current AI capital spending has already exceeded the peak level of investment reached 

during the late-1990s internet and telecom boom, though it remains below the peak reached during the 19th-century railroad 

buildout. However, that comparison understates the intensity of the current cycle in one important respect: railroad assets 

had useful lives measured in decades, while AI computing hardware, per the depreciation debate described in Section 5, may 

have a genuine economic life closer to two to four years. Adjusting for that shorter useful life, one analysis concludes that 

today's AI buildout, measured as an annualized rate of capital consumption relative to the size of the economy, tops even the 

railroad-era peak. 

What Made the Telecom Bust a Bust 

The telecom buildout's collapse was driven by three reinforcing factors: vendor financing that allowed carriers to report 

revenue from equipment purchases funded by the equipment makers themselves, extreme overbuilding of physical capacity 

relative to near-term demand (industry analysis has estimated telecom-era fiber overbuilding at roughly 85%), and thin, 

deteriorating balance sheets among the carriers doing the building. The infrastructure itself was not the problem — so-called 

“dark fiber” laid during the bubble sat largely unused for years before ultimately providing the physical backbone for the 

cloud-computing and streaming-video era that followed. 

The Case For and Against This Time Being Different 

The case for meaningful differences rests primarily on the financial strength of the companies at the center of the buildout: 

unlike 1990s telecom carriers, the core hyperscalers generate substantial profits from existing, diversified businesses that are 

not going away, giving them capacity to absorb a spending disappointment that thinly capitalized 1990s carriers did not have. 

The case for caution rests on the same circular-financing and vendor-financing dynamics described in Section 4, now 

appearing at a scale exceeding $100 billion in direct investment commitments from a single chip designer alone, and on the 

observation that overbuild risk, power constraints, and financing-structure opacity are all live, unresolved questions rather 

than settled ones. 
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8. Risk Map 

Six risks stand out as the most material to the capital-allocation thesis over the next 12–24 months. 

▪  Demand/monetization gap: If AI adoption, inference demand, or enterprise monetization decelerates relative to current 
capital-spending assumptions, the physical infrastructure being built today could sit underutilized — echoing, though not 
necessarily replicating, the telecom-era overbuild. 

▪  Financing opacity and credit risk: A meaningful share of AI infrastructure spending is now financed through private 
credit, off-balance-sheet SPVs, and 144A placements that carry less public disclosure and price transparency than 
traditional corporate bonds, raising the risk that credit quality deteriorates before it becomes visible to public-market 
investors. 

▪  Concentration and counterparty risk: Circular investment arrangements among a relatively small number of chip 
designers, cloud providers, and AI developers mean that a disappointment at any single node in the network — 
particularly among less-capitalized neocloud operators — could have outsized ripple effects across reported revenue 
and demand signals for the broader ecosystem. 

▪  Depreciation and asset write-down risk: If actual GPU economic life proves shorter than current five-to-six-year 
accounting assumptions, hyperscalers could face accelerated depreciation charges and asset write-downs that reduce 
reported earnings without any change in underlying business fundamentals — a risk that is already being actively 
debated by investors and analysts. 

▪  Power and physical infrastructure constraints: U.S. data-center power demand could double by 2030, and power 
availability — not chip supply — has already become the binding constraint on new development in a growing number 
of regions, creating execution risk independent of capital availability. 

▪  Policy and geopolitical risk: Export controls, tariff actions, and broader technology-related tensions between the United 
States and China have already disrupted chip export markets once in 2026 and remain a live source of both revenue and 
supply-chain risk for the sector. 

A NOTE ON SYSTEMIC RISK 

U.S. senators have formally raised concerns that opaque AI-related debt structures could create destabilizing losses for 
financial institutions if the buildout's economics disappoint; a February 2026 Federal Reserve Bank of Chicago study found 
banks' direct AI-adjacent exposure averaged a modest 0.8% of total assets, though it cautioned that indirect exposure through 
lending relationships may be materially larger and harder to measure. 

Risk Summary 

Risk Time Horizon Most Exposed Layer 

Demand / monetization gap 12–24 months Suppliers, neoclouds 

Financing opacity / credit risk Ongoing Private credit, SPV investors 

Concentration / counterparty risk Ongoing Circular-deal participants 

Depreciation / write-down risk 2026–2028 Hyperscalers (earnings) 

Power / physical constraints Now–2030 Developers, utilities 

Policy / geopolitical risk Episodic Chip designers, foundries 
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9. Investment Implications: A Portfolio Framework 

Rather than treating “AI exposure” as a single homogeneous theme, investors may find it more useful to think in terms of 

position within the capital-allocation stack described throughout this report, since risk and return characteristics differ 

meaningfully by layer. 

Layer 1: The Funders 

Hyperscalers and large diversified technology companies that are financing the buildout from a position of financial strength. 

This layer offers the most direct AI exposure with the lowest balance-sheet risk, but also carries the valuation risk described 

in our companion sector deep-dive: premium multiples that assume continued execution, and earnings that are increasingly 

sensitive to depreciation-assumption scrutiny. 

Layer 2: The Suppliers 

Chip designers, foundries, memory makers, and capital-equipment providers that convert hyperscaler capex into near-term 

revenue. This layer has historically offered the most direct earnings leverage to the buildout, but carries the highest exposure 

to circular-financing arrangements and the greatest cyclicality risk if hyperscaler spending decelerates, since supplier order 

books can reprice faster than the underlying capex commitments. 

Layer 3: The Financiers 

Private credit funds, infrastructure funds, and fixed-income investors providing debt and structured capital to data-center 

development. This layer offers income-oriented exposure to the theme with potentially attractive risk-adjusted returns where 

deals are backed by investment-grade hyperscaler lease commitments, but requires careful underwriting given the opacity 

concerns raised in Sections 3 and 8, and return dispersion across this layer is likely to be wide depending on counterparty 

credit quality and deal structure. 

Layer 4: The Physical Infrastructure 

Power generation, utilities, data-center REITs, and specialized developers whose fortunes are tied to the pace of physical 

buildout regardless of which AI models or applications ultimately succeed. This layer offers a way to gain exposure to the 

buildout's physical reality with less dependence on any single AI company's competitive outcome, though it introduces its 

own regulatory, permitting, and power-market risks. 

A Practical Due-Diligence Checklist 

Layer Example Exposure Return Driver Key Watch Item 

1. Funders Diversified hyperscalers 
AI/cloud revenue growth vs. 
multiple 

Free cash flow vs. reported 
earnings 

2. Suppliers 
Chip designers, foundries, 
equipment 

Order growth, capacity utilization 
Customer concentration, circular 
deals 

3. Financiers Private credit, infrastructure funds Contracted yield, credit spread 
Counterparty credit quality, 
structure transparency 

4. Physical infrastructure 
Utilities, power equipment, data-
center REITs 

Regulated returns, long-term 
contracts 

Permitting, power-delivery 
timelines 

▪  Balance-sheet quality over headline growth: Prefer counterparties with diversified, profitable legacy businesses over 
those reliant on a small number of AI-related customer relationships. 
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▪  Cash flow, not just earnings: Evaluate free cash flow trends and depreciation assumptions alongside reported earnings 
and P/E ratios, not as a secondary consideration. 

▪  Financing-structure transparency: For credit and private-market exposure, understand whether debt sits on a 
hyperscaler's own balance sheet, in an SPV backed by a hyperscaler lease, or with a thinly capitalized neocloud operator 
— these carry materially different risk profiles despite superficially similar headlines. 

▪  Circular-exposure mapping: Map which companies hold both customer and investor relationships with the same 
counterparties, and stress-test exposure to a disappointment at any single node. 
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10. Outlook and Conclusion 

The AI infrastructure buildout is likely to remain the dominant capital-allocation story in global markets through at least the 

end of the decade. The scale of committed spending, the breadth of financing channels now supporting it, and the depth of 

its penetration into GDP growth all suggest this is a structural shift rather than a transient spending cycle. At the same time, 

the financing innovations that have made the buildout possible — off-balance-sheet vehicles, private credit at unprecedented 

scale, circular investment arrangements, and generous depreciation assumptions — are precisely the kinds of structures that 

historically have made infrastructure supercycles harder to value accurately in real time, for better and for worse. 

For investors, the most useful framework may be to treat this less as a binary bet on whether AI infrastructure spending is 

justified — the macroeconomic and productivity case for continued investment remains compelling — and more as a multi-

layered capital-allocation map in which risk, leverage, and transparency vary enormously by position in the stack. The 

companies and financing vehicles best positioned to weather a disappointment in AI monetization timelines are not 

necessarily the ones with the most direct AI exposure, but the ones with the strongest independent balance sheets, the most 

transparent financing structures, and the most conservative accounting assumptions — characteristics that are not always 

the same as the ones the market is currently rewarding with the highest valuations. 

We will continue to track capital-allocation trends across the AI ecosystem, including depreciation-policy disclosures in 

upcoming 10-K filings, private credit issuance volumes, and power-infrastructure build-out timelines, as part of this ongoing 

research series. 

What to Watch Next 

▪  Q3 2026 earnings and guidance: Third-quarter 2026 earnings calls from the largest hyperscalers, where analysts are 
expected to press management teams further on useful-life assumptions and free-cash-flow trajectories following the 
depreciation debate detailed in Section 5. 

▪  Private credit issuance volumes: Continued growth in 144A and asset-backed issuance tied to data-center construction, 
and whether ratings agencies begin differentiating more sharply between hyperscaler-backed and neocloud-backed 
structures. 

▪  Export-control developments: Whether the U.S. Commerce Department's tightened export restrictions on advanced AI 
chips expand further, and how chip designers adjust product roadmaps and revenue guidance in response. 

▪  Power-grid interconnection queues: Regional utility filings and interconnection-queue data, which offer an early read on 
whether power availability is easing or continuing to constrain the pace of new data-center capacity. 

Glossary of Key Terms 

▪  Special Purpose Vehicle (SPV): A financing structure in which a technology company creates a separate legal entity — 
often jointly owned with a private capital sponsor — to build and finance an asset such as a data center. Debt raised by 
the SPV typically does not appear on the parent company's consolidated balance sheet, even though the parent may 
guarantee lease payments to the vehicle. 

▪  Private Credit: Non-bank lending provided by specialized investment funds directly to borrowers, typically negotiated 
privately rather than syndicated broadly. Private credit has become a major source of AI data-center financing, valued 
for its ability to provide large, tailored, long-duration loans that traditional bank lending may not accommodate. 

▪  144A Bond: A U.S. securities law provision allowing companies to sell debt securities to large institutional investors 
without full SEC registration. 144A bonds offer faster execution and greater structuring flexibility than registered public 
bonds, at the cost of reduced public disclosure. 

▪  Asset-Backed Securitization (ABS): A financing structure in which loans or other debt are pooled and sold to investors as 
securities backed by the cash flows of the underlying assets — in this context, typically long-term data-center leases or 
contracted compute-capacity payments. 
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▪  Circular Financing: An arrangement in which two or more companies invest in one another while also maintaining 
customer-supplier relationships — for example, a chip designer investing in an AI developer that, in turn, uses the capital 
to purchase chips from that same designer. 

▪  Useful Life (Depreciation): The accounting estimate of how long an asset — in this context, a GPU or server — will remain 
in productive service for financial reporting purposes. Longer useful-life assumptions reduce annual depreciation 
expense and increase reported earnings, without changing the underlying cash spent on the asset. 

▪  Neocloud: A specialized cloud infrastructure provider, often newly established, that leases GPU compute capacity to AI 
developers and enterprises. Neoclouds typically carry higher leverage and more concentrated customer bases than 
diversified hyperscalers. 

▪  HBM (High-Bandwidth Memory): High-bandwidth memory, a type of DRAM architecture that sits physically close to AI 
accelerator chips to enable the fast data transfer required for large-scale model training and inference — currently one 
of the fastest-growing semiconductor sub-segments. 

▪  Hyperscaler: A large, financially diversified cloud infrastructure and internet platform company — in this report, 
principally Amazon, Alphabet, Meta, and Microsoft — with the balance-sheet scale to fund AI infrastructure investment 
at tens of billions of dollars annually. 

▪  PEG Ratio: Price-to-earnings ratio divided by a company's or sector's expected earnings growth rate, used to normalize 
valuation comparisons across companies or periods with different growth profiles. 

Appendix: Methodology and Sources 

This report is a sample thematic white paper prepared for illustrative purposes, intended to demonstrate the structure, depth, 

and analytical approach of a flagship long-form research publication. Figures and analysis are synthesized from a range of 

public third-party sources, including the Bank for International Settlements, Goldman Sachs Research, J.P. Morgan Asset & 

Wealth Management, Morgan Stanley Research, IDC, Deloitte, Futurum Group, iCapital, the Federal Reserve Bank of Chicago, 

Harvard Business School, and financial and trade press including Bloomberg, CNBC, Reuters, Bisnow, and Forbes, as of the 

dates cited throughout the report. Where individual company examples are used to illustrate broader industry patterns, they 

are drawn from public reporting and disclosures and are intended as illustrative rather than as investment recommendations 

regarding any specific security. 

Data points reflect conditions as of late June 2026 and are subject to change; capital markets, financing structures, and 

accounting policies in this space have been evolving rapidly and should be independently verified before use in any 

investment decision. 

This white paper is a sample research report prepared for illustrative purposes and does not constitute investment, legal, accounting, or tax advice, nor a recommendation to buy, 
sell, or hold any security or to pursue any financing structure. It is intended as a gated, flagship-content sample for a research publication and should be treated accordingly. All 
data and analysis are drawn from public third-party sources as of the dates cited and are subject to change without notice. Past performance is not indicative of future results. 
Investing involves risk, including possible loss of principal. 


